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Knowledge, attitude, and practice (KAP) studies guide the implementation of public 
health interventions (PHIs), and they are important tools for political persuasion. The 
design and implementation of PHIs assumes a linear KAP relationship, i.e., an aware-
ness campaign results in the desirable societal behavioral change. However, there is 
no robust framework for testing this relationship before and after PHIs. Here, we use 
qualitative and quantitative data on pesticide usage to test this linear relationship, iden-
tify associated context specific factors as well as assemble a framework that could be 
used to guide and evaluate PHIs. We used data from a cross-sectional mixed methods 
study on pesticide usage. Quantitative data were collected using a structured ques-
tionnaire from 167 households representing 1,002 individuals. Qualitative data were 
collected from key informants and focus group discussions. Quantitative and qualitative 
data analysis was done in R 3.2.0 as well as qualitative thematic analysis, respectively. 
Our framework shows that a KAP linear relationship only existed for households with a 
low knowledge score, suggesting that an awareness campaign would only be effective 
for ~37% of the households. Context specific socioeconomic factors explain why this 
relationship does not hold for households with high knowledge scores. These findings 
are essential for developing targeted cost-effective and sustainable interventions on 
pesticide usage and other PHIs with context specific modifications.
Keywords: knowledge, attitudes, practices, quantitative and qualitative, methodology
inTrODUcTiOn
The success of public health interventions (PHIs) in resource-limited settings critically depends on 
our understanding of the socio-anthropological and economic aspects of the context in which these 
interventions are implemented (1–3). However, PHIs have historically followed a top down approach, 
consistently ignoring the social, political, and cultural context which perpetuates “a-one-size-fits-all” 
Abbreviations: CI, confidence interval; DHO, district health officer; FGD, focus group discussion; IPM, integrated pesticide 
management; KAP, knowledge, attitude, and practices; OR, odds ratio; PCA, principal component analysis; PPE, personal 
protective equipment; ROC, receiver operating characteristic; UNHS, Uganda National Household Survey; PHIs, public health 
interventions.
FigUre 1 | A conceptual framework of the knowledge, attitude, and practice on pesticides usage. It shows the model through which practices can be changed by 
adjusting attitudes through knowledge/awareness.
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mentality (4–6). The impact that comes with a departure from 
such an approach is well demonstrated in the recent Ebola out-
break in West Africa (3). By taking into account the behavioral 
and social norms within the affected communities, public health 
officials were able to limit the scale of the outbreak (3). Such 
context-specific public health information is gathered through 
knowledge, attitude, and practice (KAP) studies (1). These studies 
are usually aimed at identifying indicators that can inform and 
improve the development and implementation of PHIs (7). Here, 
we used knowledge on pesticide usage and practices associated 
with poisoning to provide public health context. This is because 
the World Health Organization and United Nations Environment 
Program estimate that ~1.5 million agricultural workers are 
affected by pesticides poisoning every year globally (8–10). 
Indeed 200,000 of these lose their lives or survive with adverse 
health effects (10, 11). This figure is likely a gross under estima-
tion considering that most developing countries in Africa and 
Asia have poor reporting systems. Anecdotal reports suggest that 
pesticide poisoning in Africa alone could be double the global 
estimates (12, 13). Countries like Uganda are experiencing a rapid 
population growth characterized by rapid urbanization (13, 14). 
This comes with profound changes in food security especially 
in crop production which is now more than ever dependent on 
the ubiquitous use of pesticides (13). Such demographic shifts 
inherently alter societal beliefs and practices; therefore, it is 
important to consider these changes when designing PHIs (14). 
KAP surveys are the most widely used studies for uncovering 
societal context specific dynamics in public health (1, 7). These 
studies are popular because (a) they are easy to design, (b) the 
data output is quantifiable, (c) the interpretation is robust if both 
qualitative and quantitative aspects are used, and (d) their utility 
is generalizable for context specific problems (15). However, it is 
important to note that there are remarkably few KAP studies that 
combine both qualitative and quantitative data (1).
Knowledge, attitude, and practice studies fundamentally 
assume a linear association between knowledge, attitude, and 
behavioral change (16). Therefore PHIs informed by KAP data 
target knowledge through awareness campaigns with the expec-
tation that this would promote good attitudes and ultimately lead 
to the desirable positive change in behavior (2). This rarely tested 
axiom is the basis upon which billions of tax payer’s money is 
spent on PHIs. This is also possibly the source of historical and 
contemporary criticism against the tool. For example, in 1977, 
Werner highlighted the inconsistencies in the relationship 
between attitudes and practices on family planning which made 
it difficult to evaluate the usefulness of the intervention at the 
time (7). These sentiments are still being echoed in literature 
reviews today (1). Despite the criticism, the tool is still popular 
and used with varied consideration for integrating qualitative and 
quantitative data (2).
To fundamentally bring about a sustainable social and 
behavioral change regarding exposure and health side effects of 
pesticides, the World Health Organization recommends that we 
develop evidence-based interventions (17). The KAP conceptual 
framework in Figure  1 has been exploited for this purpose in 
this study. It is based on the assumed linear relationship between 
knowledge, attitudes, and practices. The lack of knowledge 
assessed as function of awareness or familiarity of health-related 
aspects is assumed to influence motivation for self-audit on pub-
lic health-related aspects. It is, thus, expected that such a scenario 
would be characterized by attitudes centered on a lack of specific 
expectations and only be reversed by creating awareness on the 
public health issue in question. This intervention is then expected 
to produce the desirable actions and is the fundamental basis of 
most PHIs (2).
Here, we used qualitative and quantitative data collected in 
a cross-sectional study on pesticide usage to (a) test the linear 
relationship between KAPs; (b) identify context specific factors 
explaining the relationship between KAP; and (c) combine the 
analytical tools used in a and b to develop a framework for inte-
grating quantitative and qualitative data for KAP studies.
MaTerials anD MeThODs
study site
The cross-sectional study was carried out in Nabitende Sub 
County found in Kigulu North County, Iganga district, located 
in the Eastern region of Uganda (Figure  2). Nabitende is pre-
dominantly a rural agricultural area subdivided into six parishes. 
It is home to 28,170 people which represents ~6% of the district 
population. The population in this sub county is housed in ~5,225 
households with on average six occupants (18). The residents of 
this sub county have historically grown cash crops like maize, 
FigUre 2 | The highlighted shape is the map of Iganga district within eastern Uganda. In the next caption, within Iganga district is the map of Nabitende Sub 
County the study site. The triangles in the third caption are the villages visited during this study, i.e., 1–5 is Bukaigo, Buvule, Namusisi, Kasambika 1, and 
Buwerempe. 6 is Namungalwe where the questionnaire was pretested. The map is generated using open source shape files from http://openstreetmapdata.com 
with ggplot and ggmap in R.
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sugar, tea, and coffee using conventional methods with a limited 
use of pesticides (19), the status quo on pesticide usage has, 
however, changed in the recent past (13).
Data source Triangulation
The triangulation of data shown in Figure 3 allowed for the uti-
lization of information from different sources providing depth 
and breadth to our understanding of the KAP relationship (20). 
Here, we used data from three sources: (1) quantitative data at 
household level collected using a structured questionnaire; (2) 
data collected through focus group discussions (FGDs) involv-
ing a selection of health workers, farmers, and local leaders 
from the sub county, and (3) data from key informants collected 
predominantly from pesticide sellers through open-ended 
interviews.
sample size estimation
This study was conducted between November 2014 and February 
2015 employing quantitative and qualitative data collection 
methodologies. With full written consent, we administered 
questionnaires to 167 participants each from a household which 
represents ~4 and 20% of the households in the sub county and 
parish, respectively. The parishes chosen in this study repre-
sent the highest concentration of farmers, therefore, ideal for 
FigUre 3 | Data triangulation approach used in this study. N represents the 
sample size used for questionnaire administration. 10 and 1% of N was used 
of the focus group discussions (FDG) and key informant interviews (KI).
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investigating agricultural pesticide usage (19). The sample size 
estimation procedure adopted here uses household as the unit of 
investigation as previously documented (21).
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where N is the required number of households and Zα/22 represents 
the statistical level of significance. P is the prevalence of pesticide 
usage in this sub county, here we assumed this parameter to be 
50% due to lack of precise documentation of usage. The SE D 
was taken to be 8% as had been done elsewhere (21). We allowed 
for a non-response ~10% of the sample size. With an average 
household occupancy of six (18), the views collected in this study 
are representative of an average of ~1,002 individuals in this sub 
county.
Defining context
Knowledge
In this study, knowledge assesses the extent to which individuals 
from a household know public health concepts regarding pes-
ticide usage. This was not limited to knowledge of biochemical 
facts but indeed included local knowledge and beliefs, knowledge 
of available pesticide distribution systems, awareness of rights to 
access, chemical risk documentation, and awareness of risk to 
pesticide poisoning and most of all literacy.
Attitudes
The attitude attribute characterizes an individual’s feelings, 
inclinations and indeed those of other household members 
with regards to pesticide usage. These were characterized as 
negative (bad) or positive (good) in relation to the scientifically 
documented risks of pesticide poisoning and environmental 
contamination.
Practices
The practice attribute documents the actions related to pesticide 
usage, right from purchasing, usage, to disposal of the pesticide 
receptacles. These were also characterized as proper or improper 
in relation to the scientifically documented risks of pesticide 
poisoning and environmental contamination.
Designing the survey Questionnaire
An interviewer-led structured questionnaire was designed and 
administered exclusively to households to collect quantitative 
data. A total of 53 questions were included in this questionnaire 
categorized as follows; 8 covering the participant’s social and 
demographic characteristics, 11 questions on knowledge assess-
ment, 12 questions were used to characterize attitudes, and 22 
questions for profiling practices toward pesticide usage (S1 in 
Supplementary Material). We also used an observation checklist, 
which included 10 questions that were used to verify certain prac-
tices like storage and disposal of pesticide and packaging material.
Validating the Survey Questionnaire
This was done partly to determine if some important dichoto-
mous variables could be pre-recoded and provided as options for 
responses. We also wanted to get an expert opinion on the com-
pleteness and effectiveness of the questions; therefore, the ques-
tionnaire was reviewed by two experts in pesticides usage at the 
Ministry of Agriculture Animal Industry and Fisheries; Uganda. 
The field level validation was done through a pre-testing process, 
where 40 questionnaires were pretested in a nearby sub county 
of Namungalwe (see Figure 2). This was aimed at establishing an 
approximate time needed to administer the questionnaire without 
causing distress to the participants as well as obtain feedback on 
the appropriateness of the content and accuracy of the translations. 
The responses obtained here were analyzed using a principal com-
ponent analysis (PCA) to test the contribution of each question 
to KAP attributes using component correlation coefficients (see 
methodology Quantitative data section). This measure was used 
to identify irrelevant questions, which were then removed. So, the 
final questionnaire included 48 questions categorized as follows: 9 
covering the participant’s social and demographic characteristics, 
11 questions on knowledge assessment, 11 questions were used 
to characterize attitudes, and 17 questions for profiling practices 
toward pesticide usage (S1 in Supplementary Material).
Social Desirability and Acquiescence Biases
A pretest of the data collection tools was run to ensure that 
acquiescence bias was limited. The pretest allowed for a balanced 
questionnaire, i.e., positively and negatively keyed questions of 
the content. On the other hand, social desirability bias was lim-
ited by ensuring that all respondents answer the questionnaires 
independently without external influence. We ensured that the 
interviews were conducted in a secluded place and established 
good rapport with the interviewee.
Qualitative Data collection
Qualitative data were collected from key informant interviews 
and FGDs as described in detail below (Qualitative evaluation 
checklist, see S7 in Supplementary Material).
Table 1 | Reliability and internal consistency testing of factors used in PCA.
reliability if factor is dropped (With age and sex) reliability if factor is dropped
Factors raw alpha std. alpha 95% confidence interval (ci) cronbach’s 
alpha
raw alpha std. alpha 95% ci cronbach’s 
alpha
Knowledge 0.24 0.36 (−0.084, 0.084) 0.561 0.46 0.72 (−0.038, 0.038) 0.823
Attitude 0.23 0.33 (−0.085, 0.085) 0.42 0.66 (−0.044, 0.044)
Practice 0.50 0.36 (−0.049, 0.049) 0.87 0.87 (−0.020, 0.044)
Age 0.65 0.66 (−0.030, 0.030) NA NA NA
Sex 0.63 0.66 (−0.035, 0.035) NA NA NA
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Key Informant Interviews
The selection of key informants was based on their participa-
tion and influence on the pesticide supply chain in this area. 
We, therefore, conducted seven key informant interviews with 
pesticide sellers in the major townships of Nabitende Sub County 
and Iganga district highlighted by the participants as being 
their sources of pesticides. The key informant interviews were 
conducted by trained members of our team. This ensured a high 
response rate given that these interviews required scheduling 
meetings in advance. A 45-min open-ended interview structured 
around KAP was conducted with aid of an audio recorder and 
later transcribed into themes. Here, we anticipated bias to arise 
from using only one sector as our key informants; however, 
attempts were made to mitigate this by building rapport and 
asking questions that would provide insights into their networks 
along the pesticide supply chain.
Focus Group Discussions
The FGDs were modulated by two members of the team and were 
designed to generate a diverse range of opinions on the attributes 
within the 1-h meeting. The groups included farmers, com-
munity health workers, and local leaders. Farmers included in 
FGD meetings did not take part in the questionnaire-based data 
collection. Six FGDs were conducted in total, two in Kasambika 
and Bukaigo villages, respectively. In addition, an FDG was 
conducted at the health center (HC II) and village local council 
meeting, respectively. Each FGD comprised of eight participants 
(female and male in a ratio ~1:1) with an age range of 34–45. 
The former was aimed at ensuring representativeness. Each FGD 
line of discussion was stopped at saturation point, i.e., a point 
when no new information was generated. The FGD discussions 
too were structured around knowledge, attitudes, and practices. 
The farmer participation in these FDGs was through local leader 
nomination. We minimized participation bias by limiting the 
amount of information known prior to the discussions but clearly 
communicating the intention of the meeting. We also assured the 
participants at the beginning of each meeting that there are no 
wrong or right answers and that what was important for us was 
their opinion on this matter. The discussions were conducted in 
the local language and later translated and transcribed in English.
Data Management
Collating Quantitative Data
These data were collected and collated from the questionnaire and 
an observation checklist. The data were then coded and entered 
into EPI-DATA software version 3.02 and then exported to SPSS 
version 19.0 and R version 3.1.2 for analysis.
Quantitative Data
Developing the KAP Metrics
We used knowledge-based questions to develop a metric that 
ranked a respondent’s knowledge. We chose 11 questions (S1 in 
Supplementary Material) to which the respondent had to answer 
YES or NO. Yes indicating their acknowledgment of knowing an 
aspect about pesticide usage and NO indicating the opposite. The 
knowledge metric is the proportion of YES response out of the 
11 knowledge-based questions for each individual. This metric 
was converted into a binary outcome, i.e., adequate knowledge 
(knowledge metric >50%) and inadequate knowledge (knowl-
edge metric <50%) for use in logistic regression modeling.
To evaluate the contribution of each question to this metrics, 
all the questions were used in a PCA. The weight of each question 
was taken to be the correlation coefficient with the component 
that explained the most variation (S2 in Supplementary Material).
analysis of KaP Using Pca
A PCA was used to explore correlation–structure free relation-
ships between KAP with regards to pesticide usage. Similar to 
the Knowledge metric, an attitude and practices ranking metrics 
was developed from 11 and 17 attitude and practices questions, 
respectively (S2 in Supplementary Material). Here, YES and NO 
responses reflected positive/negative attitudes and good/bad 
practices. These three metrics were then used to examine the 
linear relationship between KAP by (a) visualizing the variability 
of the 167 data points along three orthogonal lines corresponding 
to three components; (b) computing and comparing the correla-
tion coefficients between KAP as well as other sociodemographic 
factors (S2 in Supplementary Material). A positive correlation 
coefficient indicates a direct relationship between KAP, while 
a negative correlation coefficient indicates an antagonistic 
relationship.
Internal consistency and reliability of the factors included 
in the PCA for linear relationship were tested using Cronbach’s 
alpha (22, 23) (Table 1).
analysis of associations between 
Knowledge, attitudes, and Practices 
Using logistic regression
The linear relationship was further evaluated; first, correlation 
coefficients for the relationship between KAP were estimated. 
Table 2 | Sociodemographic characteristics of the respondents in eastern 
Uganda.
Factors level Frequency 
(N = 167)
Percentage (%)
Age <22 20 6.5
22–27 28 25.0
28–31 23 21.4
32–39 19
40–45 29 22.6
46–53 23 24.4
>54 25
Sex Male 84 50
Female 84 50
Marital status Married 136 81.4
Single 24 14.4
Widowed 7 4.2
Number of dependents None 12 7.2
Less than three 15 9.0
Three and above 140 83.8
Education level Never 35 21.0
Primary 74 44.3
Secondary 54 32.3
Tertiary 4 2.4
Farming type Subsistence 157 94.0
Commercial 10 6.0
Land ownership Family 125 74.9
Relative 11 6.6
Friend 9 5.4
Rented 22 13.2
Farming experience Below 24 years 103 61.7
25–48 years 55 32.9
Above 48 years 9 5.4
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Thereafter, a multivariable logistic regression model was built to 
identify which variables could predict an adequate knowledge 
score. In order to do this, the binary knowledge score was used 
as an outcome variable. Explanatory variables included each per-
son’s social demographics, as well as responses to the attitudes and 
practices questions individually. Initially, a univariable analysis 
was carried out, where the relationship of each variable to the 
outcome was compared individually and odds ratios, p-values, 
and confidence intervals (CIs) were reported in tables. Variables 
with a p-value <0.25 were then used to develop a logistic regres-
sion model. The model was built using the backward selection 
of explanatory variables until we obtained model stabilization 
with the lowest Akaike information criterion. Model validation 
was done using the standard Hosmer Lemeshow test and area 
under the curve.
Qualitative Data analysis
Qualitative data were analyzed using the content thematic 
approach, which was guided by the Graneheim and Lundman 
framework (24). We identified study themes and sub-themes fol-
lowing multiple reading of interview and discussion transcripts. 
Qualitative data were then transcribed into patterns and themes 
that addressed the objectives of the study and the observations 
were triangulated onto the rest of the data to add depth.
resUlTs
sociodemographic characteristics  
of respondents in eastern Uganda
The sociodemographic analysis shows that up to 81.4% (136/167) 
of the respondents were married with at least two dependents in 
the household (Table 2). The majority of the respondents were 
17–44  years of age and nearly half of them had primary level 
education as the highest education attainment. The summary 
analysis also shows that subsistence farming was the most com-
mon source of livelihood mostly practiced on family-owned land 
(Table 2).
evaluation of the linear relationship 
between KaP Using Pca
The results of the PCA analysis between knowledge, attitudes, and 
practices of pesticide usages are shown in Figure 4 and Table 4. 
The findings show a linear relationship between KAPs in the first 
component, which explains 44.7% of the variation. It is important 
to note that practice is not as close as attitude is to knowledge, 
the same relationship is revealed by correlation coefficients in 
Tables  4 and 5. The second component explains 22.1% of the 
variation most of which is influenced by the respondent’s 
gender and years of experience in farming. Note that the latter 
and former are in opposition to each other in this component 
(Figure  4). The third component explains 18.5% of the varia-
tion in this dataset, here too the respondent’s gender and years 
of experience in farming are the most influential. The fourth 
and fifth component explain 14.4% of the variation, here all but 
knowledge exhibiting the same influence in both components. 
We also explored the driver of the variation observed in the 
first principal component and in this regard findings in S2 in 
Supplementary Material suggest that knowledge was the main 
driver behind this variation. We, therefore, further tested the 
validity of the linear relationship at the two discernible levels 
of knowledge, i.e., high and low, >50 and <50% score on the 
knowledge scores, respectively. It is noteworthy that 63 and 37% 
of the farmer scored high and low on knowledge, respectively. 
The results in S2 and S3 in Supplementary Material revealed that 
the linear relationship only held for individuals with a low score 
(>50%).
Furthermore, the evaluation for reliability and internal 
consistency was highest (Cronbach’s alpha = 0.82) when gender 
and age were dropped; these were, however, retained in the PCA 
analysis for context purposes.
analysis of associations between 
Knowledge, attitudes, and Practices
The parametric KAP linear relationship evaluation is shown in 
Table 5. When the evaluation was done on the full dataset, i.e., 
without splitting the data by knowledge dichotomy, the knowl-
edge and attitude metrics were strongly correlated (Correlation 
coefficient = 0.76, p = 2.2e−16). The same was not true for the 
knowledge and practice metric. On the other hand, when data 
were split by the knowledge dichotomy, the linear relationship 
FigUre 4 | Principal component analysis of knowledge, attitudes, and practices toward pesticide usage in eastern Uganda. Each colored point plotted 
corresponds to a respondent’s village of residence.
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holds for all the attributes, i.e., knowledge, attribute, and practice 
metric (correlation coefficient = 0.61, 0.66, and 0.69, respectively) 
in the low knowledge group. There was a weak positive correla-
tion between the knowledge and attitude metric for the high 
knowledge category, but the results also reveal a negative cor-
relation between the knowledge-practice and attitude-practice 
metric, respectively (Table 5).
Knowledge and Sociodemographic Characteristics
To investigate the relationship between sociodemographic factors 
and knowledge, we first represented this graphically by plotting the 
knowledge metric against age split by different sociodemographic 
characteristic as shown in Figure 5. We observe an increase in 
the percentage score on the knowledge metric with age among 
male respondents while the opposite relationship appears true 
for female respondents (Figure 5). The parish of residence also 
appears to be associated with the score on the knowledge metric. 
For example; the knowledge score was inversely related to age in 
Buvule and Namusisi, while the opposite is true for the rest of 
the villages. Although there were few respondents with tertiary 
education, the scores on the knowledge score increased with age 
of respondent in this category. A univariable analysis of these 
relationships is shown in Table 3.
Knowledge and Attitudes
We also explored the univariable relationship between knowledge 
and attitudes as shown in Table 3. The results show that respond-
ents who thought that sunny days were the least conducive days to 
spray had higher probability of scoring highly on the knowledge 
metric odds ratio (OR) = 3.57, 95% CI (1.77–5.37) and p = 0.03. 
On the contrary, respondents who thought that signs and 
symptoms like nausea, vomiting, salivation, skin irritation, and 
blurred vision were not linked to pesticide poisoning had lower 
probability of scoring highly on the knowledge metric OR = 0.32, 
95% CI (−1.23 to 1.87), p = 0.01 (Table 3).
Knowledge and Practices
The relationship between knowledge and practices of respondents 
regarding pesticide usage are also shown in Table 3. Respondents 
who kept pesticides at a distance less than 10 m away from a water 
for household use had a lower probability of scoring high on the 
knowledge metric compared to those who stored the pesticides 
at a distance more than 10 m [OR = 0.50, 95% CI (−0.92, 1.92), 
p = 0.048]. Respondents who wore overalls as their personal pro-
tective equipment gear had a higher probability of scoring high on 
the knowledge metric than those who wore their ordinary cloth-
ing while spraying [OR = 5.78, 95% CI (2.86–8.70), p = 0.10].
Table 3 | Show the univariable relationship between knowledge and respondents’ attitudes and practices toward pesticide usage.
category Questions response Odds ratio (95% confidence interval) p-Value
Attitudes Do you think it is important to observe weather conditions when 
before spraying?
Yes Ref
No 1.04 (−1.08, 3.16) 0.96
If yes, which of following is the least conducive weather for 
spraying?
Windy Ref
Rainy 1.21 (−0.56, 2.98) 0.74
Sunny 3.57 (1.77, 5.37) 0.03
Not sure 1.71 (−0.58, 4.00) 0.51
Do you think mixing of pesticides is very important? Yes Ref
No 0.86 (−0.57, 2.29) 0.68
Do you care that pesticides can enter our bodies? Yes Ref
No 0.75 (0.25, 1.25) 0.57
Do you care about the harmful effects of pesticide exposure? Yes Ref
No 1.48 (−0.10, 3.06) 0.39
Do you think the following can be potential pesticide exposure 
symptoms; nausea, vomiting, salivation, skin irritation, and blurred 
vision?
Yes Ref
No 0.32 (−1.23, 1.87) 0.01
Do you think you can reduce on the amount of pesticides you use 
in agriculture without affecting the expected yield?
Yes Ref
No 0.69 (−0.94, 2.32) 0.44
Don’t know 0.93 (−0.95, 2.81) 0.91
Practices Where do you buy pesticides? Iganga 1
Nabitende 1.40 (−0.48, 3.28) 0.59
Kampala 0.42 (−3.52, 4.36) 0.52
What do you wear when spraying? Ordinary clothing 1
Gloves 0.91 (−0.61, 2.43) 0.82
Overall 5.78 (2.86, 8.70) 0.10
Mask 0.43 (−2.10, 2.96) 0.36
Hat 1.28 (−2.18, 4.74) 0.84
Long sleeved shirt 0.43 (−2.10, 2.96) 0.36
Gumboots 1.93 (−1.29, 5.15) 0.58
What is your average spray time? <2 h 1
2–4 h 0.97 (−0.48, 2.42) 0.93
>4 h 0.57 (−0.97, 2.11) 0.18
Do you clean equipment after use? Yes 1
No 2.34 (0.74, 3.94) 0.068
Where do you do equipment cleaning? Field 1
House 1.40 (−0.11, 2.91) 0.42
Water source 0.57 (−0.97, 2.11) 0.19
Where do you store pesticides and equipment? Inside the house Ref
Outside the house 0.93 (−0.49, 2.35) 0.83
How are pesticides stored Left in the original 
container
1
Decanted into another 
container
0.60 (−0.89, 2.09) 0.204
Where and how do you dispose the used pesticide containers? Burn Ref
House 2.13 (0.23, 4.03) 0.24
Reused 0 0.99
Latrine 2.50 (0.55, 4.45) 0.17
Bush 2.45 (0.53, 4.37) 0.17
How far on average is pesticide storage to water containers for 
home use
<10 m
>10 m 0.50 (−0.92, 1.92) 0.048
Is the store accessible to children Accessible Ref
Non-accessible 0.72 (−0.91, 2.35) 0.502
Sociodemographic Age <22 Ref Ref
22–27 0.713 (0.19–2.40) 0.59
28–31 0.42 (0.11–1.46) 0.18
32–39 1.73 (0.40–8.07) 0.46
40–45 1.02 (0.28–3.55) 0.96
46–53 0.46 (0.12–1.58) 0.22
>54 0.82 (0.22–2.89) 0.75
(Continued )
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Table 4 | The Linear relationship between PCA components and the 
knowledge, attitude, and practice attributes.
Pc1 Pc2 Pc3 Pc4 Pc5
Knowledge 
metric
0.59061 −0.01687 −0.14596 −0.44421 0.65721
Attitude metric 0.61042 0.00129 −0.11252 −0.25045 −0.7423
Practice metric 0.52180 0.05183 0.15289 0.82803 0.12652
Gender 0.03971 0.72863 0.65632 −0.19169 −0.0008
Experience 0.06855 −0.68272 0.71546 −0.13120 −0.0089
category Questions response Odds ratio (95% confidence interval) p-Value
Gender Male Ref Ref
Female 1.311 (0.698–2.479) 0.339
Marital status Married Ref Ref
Single 0.563 (0.232–1.359) 0.197
Widowed 1.408 (0.291–10.087) 0.681
Education level Never
Primary 0.882 (0.363–2.066) 0.777
Secondary 0.644 (0.256–1.564) 0.338
Tertiary 0.478 (0.051–4.413) 0.4886
Land ownership Family Ref Ref
Relative 0.707 (0.202–2.577) 0.585
Friend 2.064 (0.474–14.248) 0.378
Rented 0.766 (0.312–1.9285) 0.563
Table 3 | Continued
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Logistic Regression Model Results
The final logistic regression model is shown in Table 6. No soci-
odemographic characteristic variables were retained in the final 
model. In terms of attitudes, the model showed that respondents 
who thought that it was least conducive to spray in sunny and dry 
conditions were three times more likely to have a good knowledge 
score than those who thought it was unsafe to do so in windy con-
ditions. With regards to practices, the model shows an association 
between knowledge and pesticide storage practices. Respondents 
who answered that they stored pesticides at a distance more than 
10 m away from a water source were less likely to have a low score 
on the knowledge metric (Table 6).
Thematic Qualitative analysis of KaP
Natural Versus Chemical Pesticides
One of the themes that emerged from our FGD and key informant 
interviews was pesticide categories. Even though there was com-
mon agreement on the efficacy of synthetic Versus natural herbal 
pesticides, i.e., the latter being less efficacious at killing pests than 
commercially produced chemical pesticides, the majority of the 
participants in the FGDs expressed their ongoing use of smoked 
cow dung to repel flies and pests, urine and tea leaves to kill or 
repel pests as well as snakes. This was in contrast with the views 
of key informants who argued that it was not worth risking crops 
with inferior approaches especially in the current times when the 
weather is unpredictable.
We know that natural pesticides exist, in fact our ances-
tors used them for thousands of years. But in this day 
and age we want to be sure of the returns on our hard 
labor. So we use chemical pesticides because we are sure 
they will kill all the pests (FGD in Itanda parish).
Farmers have started complaining that unlike in 
the past when they used natural pesticides, when they 
reduce the amount of chemical pesticides in the gar-
dens, pests return quickly and the crop yields are also 
poor (Key Informant discussion in Iganga town).
Beliefs on Chemical Potency
Beliefs on potency and potentiation were also central to the 
discussions; some FGD participants believed that the potency 
of a chemical pesticide could be potentiated by mixing two or 
more pesticide types. This contrasted the views held by the key 
informants most of who believed that mixing pesticides would 
lead to a reduction in their potency.
I have noticed that when I do not mix these chemicals, 
the weeds and pest return quickly which means I have 
to repeatedly do the spraying (FGD in Bukaigo).
Awareness of Safety Measures
The end justifies the means; is a sentiment that was commonly 
held by most FGDs participants. Good crop yield was the most 
important outcome; in this regard, farmers were keen on what the 
pesticides did when applied than what the manufacturer safety 
instruction said. In fact, the majority of the participants said they 
did not read the Material Safety Data Sheets on the pesticide 
containers. The Key informants corroborated this, they said that 
most of the farmers would not have had a chance to read these 
instructions because they bought pesticides in volumes smaller 
than what the manufacturer distributes.
The majority of the farmers buy the pesticides in 
volumes smaller than retail container volumes, so 
unless I read for them the instructions, there is no 
chance they will ever know what the manufacturer’s 
instructions said. You see they buy them in polythene 
bags or used Soda bottles (Key informants interview in  
Nabitende).
Table 5 | Pearson’s correlation coefficient analysis between knowledge, attitude, and practice attributes.
Knowledge metric attitude metric Practice metric
corr [95% confidence interval (ci)] p-Value corr (95% ci) p-Value corr (95% ci) p-Value
combined knowledge categories
Attitude metric 0.76 (0.69–0.81) 2.2e−16 1 – 0.50 (0.38–0.61) 3.243e−12
Practice metric 0.32 (0.18–0.45) 1.87e−05 0.50 (0.38–0.61) 3.24e−12 1 –
high knowledge category (>50%)
Attitude metric 0.40 (0.23–0.55) 2.01e−05 1 – −0.64 (−0.74 to 0.52) 1.00e−13
Practice metric −0.37 (−0.53 to 0.20) 7.37e−05 −0.64 (−0.74 to 0.52) 1.00e−13 1 –
low knowledge category (<50%)
Attitude metric 0.61 (0.42–0.74) 1.34e−07 1 – 0.69 (0.53–0.80) 4.14e−10
Practice metric 0.66 (0.49–0.78) 4.42e−09 0.69 (0.53–0.80) 4.14e−10 1 –
Corr is the Pearson’s correlation coefficient.
FigUre 5 | Variation of the Knowledge metric by age of the respondents in years when a sociodemographic characteristic is taken into account. The line whose 
color corresponds to sociodemographic characteristic is a linear regression line while size of the points (a–h) reflects the score on the attitude and practice metric, 
respectively. These scores ranged between 0.12 and 0.875 and 0.33 and 0.77 on the attitude and practice scale, respectively. Res, residence; where BKG, BVL, 
BWP, KSB, and NMS represent villages Bukaigo, Buvule, Buwerempe, Kasambika 1, and Namusisi, respectively, M status, marital status, where MRD, SIG, and 
WDW represent married, single, and widowed, respectively, Educ, education level where NVR, PRM, SCD, and TAR represent never had and education, primary, 
secondary, and tertiary, respectively.
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Pesticide Supply Chain and Access
The FGDs also attempted to identify solutions to improve safety 
awareness among pesticide users. Most of the participants did not 
think the status quo could change if the pesticide supply chain 
remained solely controlled by profit motivated individuals and 
organizations.
Table 6 | Multivariate logistic regression model of knowledge, attitudes, and practices of pesticide usage in Eastern Uganda.
category Question response odds ratio 95% confidence interval p-Value
Attitudes When do you think it is not safe to spray? Windy Ref
Rainy 1.08 (0.330, 3.589) 0.889
Sunny and dry 3.441 (1.014, 12.045) 0.047
Not sure 1.264 (0.228, 7.425) 0.788
Do you think the following can be potential pesticide exposure symptoms; 
nausea, vomiting, headache, skin irritation?
Yes Ref
No 0.574 (0.169, 1.264) 0.142
Practices Proximity of pesticide storage to water source <10m—Near Ref
>10m—Far 0.451 (0.205, 0.948) 0.040
Do you clean or wash your sprayer after use? Yes Ref
No 2.486 (0.969, 7.106) 0.069
Area under the curve = 0.703, p = 0.512, Akaike information criterion = 207.
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These pesticide sellers are only interested in money, 
once you hand it to them and they hand you the pesti-
cide, it is the end of matter. I do not remember a single 
day any of them bothered to explain the dangers of these 
chemicals, on the other hand I don’t think I have ever 
bothered to ask (FGD in Buvule Village).
Timing and Frequency of Spraying
We also explored the practices related to spraying and here most 
of the FGD participants said that the timing of spraying was 
always dependent on the environment. For example, the weather, 
especially wind speeds, was important for timing. Although a few 
argued for sunny days, the majority thought windy days were the 
most conducive for spraying. They argued that chemicals tended 
to have a pungent smell, so on windy days the smell could be 
limited by wind dispersal.
These chemicals have a bad smell. If you do not have 
a mask and you do not want the smell then it is better 
to spray during windy days. The disadvantage is that it 
blows away the pesticide so one uses more but also ends 
up spraying un-intended crops. The rainy seasons are not 
good for spraying; it washes off the pesticides, so it is not 
effective. On the other hand during the dry season the 
leaves tend to fold, so the chemical may not reach the 
plant well, (FGD Discussion in Kasambika Parish).
Ultimately the quantity and frequency of spraying by far 
seemed to depend on available disposable income. On the other 
hand the type of prevalent weed or pest seems to greatly influence 
whether or not farmers sprayed.
There is no chance that i will be buying pesticides if there 
is no food at home, yes even if my fields are infested 
with ’Kayongo’ (Striga Hermonthica). “Kayongo” is our 
biggest problem causing a lot of poor crop yields (FGD 
Discussion in Bukaigo Parish).
Spraying and Equipment Management
The key informant discussions also revealed interesting safety 
concerns surrounding equipment management, for example; 
it is common for pump nozzles to break or get clogged during 
spraying. In such cases the majority of the farmers would simply 
use their mouth to blow through the nozzles in an effort to unclog 
them.
“Many of the farmers do not own spray pumps, they 
borrow from neighbors or rent from us. when the noz-
zles break or get clogged, the farmers want to unblock 
them before returning the pumps to us for fear of being 
charged.” They use any method possible including 
blowing through it by mouth (Key Informants, Iganga 
Town).
DiscUssiOn
Approximately $134 billion was spent by the global aid industry 
in 2015, a significant proportion of which went to health and 
public health activities in developing countries (25, 26). The 
fund-raising campaigns behind such huge sums of money 
are underwritten by information collected from KAP studies 
(1, 3). Likewise, the implementation of such PHIs is critically 
dependent on KAP generated data in order to account for the 
socio-anthropological context (1, 2). While KAP studies began 
as scientific instruments to distil social context, they have 
become incredibly effective tools for political persuasion (1, 7, 
16). As a tool, KAP studies ought to be regularly and robustly 
evaluated and updated, unfortunately this is not the case. In fact 
one of the shortfalls of this tool has been the lack of a framework 
for integrating qualitative and quantitative data (1, 3). In this 
study, we have used pesticide usage data to test the validity of 
the assumed linear relationship between KAP. Furthermore, we 
have identified context specific factors associated with increased 
knowledge and proposed a framework for integrating quantita-
tive and qualitative data for KAP studies.
linear relationship between KaP
Public health interventions that promote awareness are designed 
and implemented with an assumption that there is a linear 
relationship between knowledge, attitude, and behavior (1, 16). 
The findings from our PCA show this linear relationship between 
KAPs, moreover the relationship between attitudes and knowledge 
appears to be much stronger than that with practice (Figure 4; 
Tables 4 and 5). This empirical linear relationship is very rarely 
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considered or demonstrated (27), indeed most studies have 
evaluated this relationship with attitude as a proxy for knowledge 
(28–30). Therefore, our findings support the validity of targeting 
awareness in PHIs in general (1, 16). However, we also show that 
this relationship does not hold for all individuals in a community. 
Here, we show that the linear relationship only held for individuals 
with a low knowledge score (<50%). Therefore, targeting individu-
als in this category with awareness campaigns would be expected to 
produce the desirable behavioral change. This has practical impli-
cations with regards to designing, implementing and expected 
impact of public health strategies, i.e., identifying predictors for 
a low knowledge score can be used to focus awareness campaigns 
as a public health strategy on farmers in Kasambika parish. On 
the other hand, the KAP linear relationship does not hold among 
individuals with high knowledge scores (>50%) a phenomenon 
that has been previously documented (28, 31, 32). In this regard, 
we can assume that an awareness campaign alone would not be 
successful at causing a behavioral change in most farmers (~63%) 
predominately residing in Bukaigo and Buwerempe parish. 
Indeed, this non-linear KAP relationship could explain why cer-
tain international PHIs have not been successful (1, 7). Van Doorn 
and colleagues developed a theoretical and mathematical model 
for describing this non-linear attitude–behavior relationship (31). 
They argue that there is a critical knowledge–attitude level beyond 
which the linearity with practice breaks down, our empirical com-
parison between attitude and practice metric appears to fit their 
theoretical model (S2 in Supplementary Material). In economics, 
this non-linearity has been exploited to segment consumers by 
attitudes and then targeted them with specific advertisements 
(31). In this study, it would be analogous to segmenting our 
communities by whether or not this linear relationship holds and 
designing suitable PHIs for each of the groups. It should be noted 
that although the internal consistency and reliability was high 
(Cronbach’s alpha =  0.82); in order to ensure that this analysis 
retained context, we maintained Age and Gender in the PCA. This 
is because these two attributes provide categorical and temporal 
context to the KAP measurements.
Factors affecting the KaP axiom
Results from our logistic regression and the qualitative thematic 
analysis were used to explain the dynamics behind this linear 
relationship, i.e., the individuals for who the linear relation-
ship held. For example; the model shows that attitudes toward 
weather and its potential to influence decisions on when to spray 
had a statistically significant association with a high knowledge 
score. Individuals who thought that it was least conducive to 
spray in the dry and sunny periods were ~3 times more likely 
to have a high score on the knowledge metric when compared 
to those who thought windy weather was least conducive. This 
seems to go against the common wisdom and the manufacturer’s 
recommendations. However, the farmer’s reasoning behind this 
was captured from our FGD. The individuals who preferred 
spraying on windy days were not bothered about the safety 
aspects of spraying pesticides, but rather keen on limiting the 
pungent smell associated with pesticides. Indeed, the FDG dis-
cussions revealed that attitudes against spraying during sunny 
and dry periods were underpinned by the belief that the folding 
of leaves would limit the effectiveness of the pesticides. Similar 
sentiments have been echoed in reports on pesticide usage in 
Ecuador and in West Africa (33, 34). Ignoring such intricate, 
context specific, and counterintuitive aspects of this relationship 
are likely to determine whether or not an intervention will be 
successful for a particular community.
The qualitative data also revealed that the quantity and fre-
quency of spraying was ultimately dependent on the availability 
of disposable income in household, this could also explain the 
non-linear KAP relationship observed among individuals who 
had a high score on the knowledge metric (S2 in Supplementary 
Material). The nature of this linear relationship among the two 
knowledge categories combined with the findings from the the-
matic analysis indeed suggest presence of a knowledge threshold 
(31) beyond which the limiting factor to behavioral change 
becomes socioeconomical. Therefore, one could argue that a PHI 
that does not include economic empowerment is likely to fail for 
certain segments of a community.
Practices surrounding pesticide storage were also significantly 
associated with the level of knowledge. Respondents who stored 
pesticides far (≥10 m) from water storages were less likely to score 
poorly on the knowledge metric than those who stored pesticides 
closer to water storage. It is more than likely that this is an indi-
rect association of a practice with knowledge that reflects more 
than one pesticide usage characteristic of this community. For 
example; the key informant interviews revealed that the major-
ity of pesticides are bought in receptacles different from those 
supplied by manufacturer. This inherently implies that farmers 
do not have access to safety documentation for the pesticides, 
which is expected to influence their safety and storage practices. 
The association between pesticide storage and knowledge has 
also been documented elsewhere (13, 33, 35). For example; in 
Palestine, storage of pesticides in secure stores was associated 
with high knowledge scores by farmers (36), while in Tanzania it 
was linked to a farmer’s education level (35). The findings in the 
study also highlight safety concerns associated with spray equip-
ment and ownership. The FGD discussions revealed that farmers 
have to hire spray equipment, which come with fines if returned 
damaged. This means farmers attempt all means to repair equip-
ment even if it means blowing through clogged spray nozzles with 
their mouth in order to avoid fines (13).
a Framework for integrating Quantitative 
and Qualitative KaP Data
The fundamental objective of integrating qualitative and quan-
titative data is to exploit the synergistic aspects in such data 
in order to add breadth and depth to our understanding of 
socio-anthropological context. The theoretical framework for 
this integration was first proposed 17 years ago (37) with a few 
subsequent modification (38). Our study provides an empirical 
extension to this framework. Indeed, this framework is built on 
a hypothesis based on qualitative ideologies (1, 7), but tested 
using quantitative tools. In a nutshell, the assumption that 
knowledge influences attitude which in turn modulates actions is 
a socio-anthropological construct that we have tested as a linear 
relationship (Figure 6). We have used data triangulation as the 
FigUre 6 | Framework that can be used to map qualitative data onto trends and associations identified by quantitative data. This starts with a fundamental 
question public health interventions should ask (hypothesis). Is there a direct link between knowledge and practice in the population of interest? The question can be 
answered by designing a survey using a data triangulation framework to collect both qualitative and quantitative data. These data are collated, managed, and 
analyzed using thematic as well as standard parametric methods. Identified themes are then used to discuss/explain statistical associations with knowledge to 
identify which groups to target as well as identify strategies of targeting them.
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foundation for the study design and data collection (20). This not 
only allowed us to account for qualitative and quantitative data 
input but also forms the platform for downstream integration 
(37). The subsequent data analysis uses conventional tools avail-
able for both methodologies, i.e., thematic analysis for qualitative 
data and parametric analysis for quantitative data. The outputs of 
this step provided us with the points of reference, i.e., identifying 
qualitative themes and statistical associations that can be used 
in integrating and explaining outputs from both methodologies.
study limitations
Our selection criterion for participants allowed for adults only 
due to ethical recommendation. This inherently restricted the 
breadth of views of pesticide users outside this age bracket. None 
the less the findings reported here reflect a significant propor-
tion of the farmer dynamics as reported basing on the national 
demographic report (18). Second, as this was a cross-sectional 
study, it only provides a snapshot of views which reality could 
change in time and space. Furthermore, given that PHI follow 
a minimum of three contact points with communities, i.e., 
introduction, implementation, and evaluation, a longitudinal 
study with a minimum of three sampling time points would have 
been the ideal design. This, however, was not possible because of 
limited resources. However, the approaches used are still valid for 
future three contact points KAP studies.
relevance to Public health
Billions of dollars are spent on PHIs informed by KAP studies 
every year in developing countries. This money can effectively be 
spent if we can tailor intervention to specific communities with 
a degree of certainty on their potential impact. Here, we have 
empirically demonstrated the linear relationship between KAP 
using data on pesticide usage at household level. Furthermore, we 
show that the level of knowledge determines whether this linear 
relationship holds or not. This would for example suggest that 
implementing an awareness campaign alone might not be enough 
to cause the desirable change. Indeed, we show this approach is 
likely to succeed in only 37% of our participants. Therefore, we 
have developed a user-friendly framework that comes with our 
database and executable R-code to guide users in testing the KAP 
linear relationship as well as integrating quantitative and qualita-
tive data. This should allow for cost-effective planning, designing, 
implementation, and evaluation of PHI.
cOnclUsiOn
The findings in our study reveal consistencies and inconsistencies 
with the KAP linear relationship as well as identify associated 
factors at household level in Uganda. The findings suggest that 
a pesticide safety awareness campaign would only be effective 
at causing change in behavior among households with limited 
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knowledge. The opposite would be true for households with high 
scores on the knowledge metric, which is linked to economic 
and socio-anthropologic aspects of farming. This highlights why 
“one-size-fits-all” PHI approaches have not been successful in 
such a setting. However, by exploiting this framework to establish 
the nature and distribution of the KAP linear relationship, devel-
opment and implementation of targeted PHIs can be improved.
eThical aPPrOVal anD cOnsenT  
TO ParTiciPaTe
Ethical approval to conduct the study was obtained from 
Makerere University School of Public Health. Permission was 
also sought from the district (district health officer’s office 
Iganga district) and subcounty officials to carry out the research. 
Consent was obtained from the respondents before interviewing 
them. Participation in the study was voluntary and respondents 
who were unwilling to participate and wanted to quit were told 
to do so without any restriction. All responses from the farmers 
interviewed were kept confidential. Rapport was created with the 
respondents before their actual participation. Research partici-
pants were informed of their roles in the study. Risks and benefits 
involved in the study were told to the participants. A signed copy 
of the consent form was left to the study participants. There were 
no human or animal samples involved in our current study.
aVailabiliTY OF DaTa anD MaTerials
The datasets generated during and or analyzed during the cur-
rent study will be publicly available including the R-code used 
to generate all the results presented in this study manipulating.
aUThOr cOnTribUTiOns
JM contributed to the design, data collection, and drafting of the 
manuscript. CK contributed to conception, design, supervision, 
and drafting of the manuscript. JS contributed to supervision and 
guidance in design and data collection and manuscript drafting. 
SM contributed to data analysis and drafting of the manuscript, 
and AM contributed to conception, design, data analysis, super-
vision, and drafting of the manuscript. All authors read and 
approved the final manuscript and have agreed to be accountable 
for the content of the work.
acKnOWleDgMenTs
The authors are deeply indebted to the family of the late 
Mutesasira Paul for the financial backup during data collection 
and scholars from School of Public Health, including Dr. Musoke 
David. The authors would also like to appreciate the family of Mr. 
John Muyingo of Buwerempe Village and Mr. Wanyama Jairus of 
Iganga for the assistance they rendered during data collection, 
they felt truly honored.
FUnDing
Intramural college funding for master’s field research. There was 
no project, nor special funding for this work.
sUPPleMenTarY MaTerial
The Supplementary Material for this article can be found online 
at http://www.frontiersin.org/article/10.3389/fpubh.2017.00318/
full#supplementary-material.
reFerences
1. Launiala A. How much can a KAP survey tell us about people’s knowledge, 
attitudes and practices? Some observations from medical anthropology 
research on malaria in pregnancy in Malawi. Anthropol Matters (2009) 
11:1758–6453. 
2. World Health Organization. Advocacy, Communication and Social 
Mobilization for TB Control: A Guide to Developing Knowledge, Attitude and 
Practice Surveys. Geneva: World Health Organization (2008). 
3. Wilkinson A, Parker M, Martineau F, Leach M. Engaging ‘communities’: 
anthropological insights from the West African Ebola epidemic. Philos Trans 
R Soc B Biol Sci (2017) 372(1721):20160305. doi:10.1098/rstb.2016.0305 
4. Brooke T, Leatherman T. Anthropology and Public Health: Bridging Differences 
in Culture and Society. New York, NY: Oxford University Press Inc. (2009).
5. Linnan L, Steckler A. Process Evaluation in Public Health Interventions and 
Research. San Francisco: Jossey-Bass (2002).
6. Stoddard A, Harmer A, Haver K, Taylor G, Harvey P. The State of the 
Humanitarian System. 2015 ed. London (2015).
7. Werner PD. Implications of attitude-behavior studies for population research 
and action. Stud Fam Plann (1977) 8:294–9. doi:10.2307/1966280 
8. Jeyaratnam J. Acute pesticide poisoning: a major global health problem. World 
Heal Stat Q (1990) 43:139–44. doi:10.2307/2533484 
9. Eddleston M, Karalliedde L, Buckley N, Fernando R, Hutchinson G, Isbister G, 
et al. Pesticide poisoning in the developing world—a minimum pesticides list. 
Lancet (2002) 360(9340):1163–7. 
10. Wesseling C, Corriols M, Bravo V. Acute pesticide poisoning and pesticide reg-
istration in Central America. Toxicol Appl Pharmacol. (2005) 207(2):697–705. 
doi:10.1016/j.taap.2005.03.033
11. Bertolote JM, Fleischmann A, Eddleston M, Gunnell D. Deaths from pesticide 
poisoning: a global response. Br J Psychiatry (2006) 189(3):201–3. doi:10.1192/
bjp.bp.105.020834 
12. Wesseling C, McConnell R, Partanen T, Hogstedt C. Agricultural pesticide use 
in developing countries: health effects and research needs. Int J Health Serv 
(1997) 27(2):273–308. doi:10.2190/E259-N3AH-TA1Y-H591 
13. Oesterlund AH, Thomsen JF, Sekimpi DK, Maziina J, Racheal A, Jørs E. 
Pesticide knowledge, practice and attitude and how it affects the health of 
small-scale farmers in Uganda: a cross-sectional study. Afr Health Sci (2014) 
14(2):420–33. doi:10.4314/ahs.v14i2.19 
14. Tubiello FN, Salvatore M, Ferrara AF, House J, Federici S, Rossi S, et al. The con-
tribution of agriculture, forestry and other land use activities to global warm-
ing, 1990-2012. Global Change Biol  (2015) 21(7):2655–60. doi:10.1111/gcb. 
12865
15. Bhattacharyya K. Key informants, pile sorts, or surveys? Comparing behav-
ioral research methods for the study of acute respiratory infections in West 
Bengal. In: Inhorn MC, Brown PJ, editors. The Anthropology of Infectious 
Diseases: Theory and Practice on Medical Anthropology and International 
Health (1997). p. 211–38.
16. Warwick D. The KAP Survey: Dictates of Mission Versus Demands of Science. 
London: Harvard Institute for International Development (1983).
17. WHO. A Conceptual Framework for Action on the Social Determinants of 
Health. Discussion Paper. Vol. 2. Geneva (2010).
18. Uganda Bureau of Statistics. National Population and Housing Census 2014 – 
Main Report. Kampala, Uganda (2016).
19. Ntege-Nanyeenya W, Mutetika MM, Mwangi W, Hugo V. An Assessment of 
Factors Affecting Adoption of Maize Production Technologies in Iganga District. 
Addis Ababa: Cimmyt (1997).
15
Muleme et al. Framework for Conducting KAP Studies
Frontiers in Public Health | www.frontiersin.org December 2017 | Volume 5 | Article 318
20. Carter N, Bryant-Lukosius D, Dicenso A, Blythe J, Neville AJ. The use of trian-
gulation in qualitative research. Oncol Nurs (2014) 41:545–7. doi:10.1188/14.
ONF.545-547 
21. Kish L. Sampling organizations and groups of unequal sizes. Am Soc Assoc 
(1965) 30(4):564–72. doi:10.2307/2091346 
22. Gliem JA, Gliem RR. “Calculating, Interpreting, and Reporting Cronbach’s 
Alpha Reliability Coefficient for Likert-type Scales”: Midwest Research-
to-Practice Conference in Adult, Continuing, and Community Education 
Columbus, OH: Ohio State University (2003).
23. Santos JRA. Cronbach’s alpha: a tool for assessing the reliability of scales. J Ext 
(1999) 37(2):1–5. 
24. Graneheim U, Lundman B. Qualitative content analysis in nursing research: 
concepts, procedures and measures to achieve trustworthiness. Nurse Educ 
Today (2004) 24(2):105–12. doi:10.1016/j.nedt.2003.10.001 
25. Kharas H, Rogerson A. Horizon 2025: Creative Destruction in the Aid Industry. 
London: Overseas Development Institute (2012).
26. World Health Organization. Investing to Overcome the Global Impact of 
Neglected Tropical Diseases: Third WHO Report on Neglected Tropical Diseases 
2015. Vol. 3. Geneva: World Health Organization (2015). 
27. Mosca L, Jones WK, King KB, Ouyang P, Redberg RF, Hill MN. Awareness, 
perception, and knowledge of heart disease risk and prevention among 
women in the United States. Arch Fam Med (2000) 9(6):506. 
28. Vaidya A, Aryal UR, Krettek A. Cardiovascular health knowledge, 
attitude and practice/behaviour in an urbanising community of Nepal: a 
population-based cross-sectional study from Jhaukhel-Duwakot Health 
Demographic Surveillance Site. BMJ Open (2013) 3:e002976. doi:10.1136/
bmjopen-2013-002976 
29. Sambo M, Lembo T, Cleaveland S, Ferguson HM, Sikana L, Simon C, et al. 
Knowledge, attitudes and practices (KAP) about rabies prevention and con-
trol: a community survey in Tanzania. PLoS Negl Trop Dis (2014) 8(12):e3310. 
doi:10.1371/journal.pntd.0003310 
30. Affognon H, Mburu P, Hassan OA, Kingori S, Ahlm C, Sang R, et al. Ethnic 
groups’ knowledge, attitude and practices and Rift Valley fever exposure 
in Isiolo County of Kenya. PLoS Negl Trop Dis (2017) 11(3):e0005405. 
doi:10.1371/journal.pntd.0005405 
31. van Doorn J, Verhoef PC, Bijmolt THA. The importance of non-linear rela-
tionships between attitude and behaviour in policy research. J Consum Policy 
(2007) 30(2):75–90. doi:10.1007/s10603-007-9028-3 
32. Byrka K. Attitude-Behavior Consistency: Campbell’s Paradigm in Environmental 
and Health Domains. Groningen: Eindhoven University of Technology (2009).
33. Williamson S. The Pesticide Detox: Towards a More Sustainable Agriculture. 
London: Earthscan (2005).
34. Crissman CC, Cole DC, Carpio F. Pesticide use and farm worker health in ecua-
dorian potato production. Am J Agric Econ (1994) 76(3):593–7. doi:10.2307/ 
1243670 
35. Ngowi AVF, Mbise TJ, Ijani ASM, London L, Ajayi OC. Pesticides use by 
smallholder farmers in vegetable production in Northern Tanzania. Crop Prot 
(2007) 26(11):1617–24. doi:10.1016/j.cropro.2007.01.008 
36. Sa’ed HZ, Sawalha AF, Sweileh WM, Awang R, Al-Khalil SI, Al-Jabi SW, 
et al. Knowledge and practices of pesticide use among farm workers in the 
West Bank, Palestine: safety implications. Environ Health Prev Med (2010) 
15(4):252–61. doi:10.1007/s12199-010-0136-3 
37. Niglas K. Combining quantitative and qualitative approaches. European 
Conference on Educational Research, 20–23 September 2000. Edinburgh (2000).
38. Punch K. Introduction to Social Research Quantitative and Qualitative 
Approaches. London: Sage (2005).
Disclaimer: There are no disclaimers for the study and the manuscript in particular.
Conflict of Interest Statement: The authors declare that the research was con-
ducted in the absence of any commercial or financial relationships that could be 
construed as a potential conflict of interest.
Copyright © 2017 Muleme, Kankya, Ssempebwa, Mazeri and Muwonge. This is an 
open-access article distributed under the terms of the Creative Commons Attribution 
License (CC BY). The use, distribution or reproduction in other forums is permitted, 
provided the original author(s) or licensor are credited and that the original publica-
tion in this journal is cited, in accordance with accepted academic practice. No use, 
distribution or reproduction is permitted which does not comply with these terms.
